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Chess Programming WIKI
TDLeaf(lambda): Combining Temporal Difference Learning with Game-Tree Search

Parametric Return Density Estimation for Reinforcement Learning
Nonparametric Return Distribution Approximation for Reinforcement Learning

Best Play for Imperfect Players and Game Tree Search; part | — theory

Best Play for Imperfect Players and Game Tree Search; part Il — experiments


http://d.hatena.ne.jp/LS3600/
https://chessprogramming.wikispaces.com/
https://arxiv.org/abs/cs/9901001
https://arxiv.org/abs/1203.3497
http://www.ms.k.u-tokyo.ac.jp/2010/ICML2010c.pdf
http://www.ms.k.u-tokyo.ac.jp/2010/ICML2010c.pdf
http://www.ms.k.u-tokyo.ac.jp/2010/ICML2010c.pdf
https://www.researchgate.net/publication/2800367_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_I_-_theory
https://www.researchgate.net/publication/2800367_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_I_-_theory
https://www.researchgate.net/publication/2800367_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_I_-_theory
https://www.researchgate.net/publication/2800367_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_I_-_theory
https://www.researchgate.net/publication/2752504_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_II_-_experiments
https://www.researchgate.net/publication/2752504_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_II_-_experiments
https://www.researchgate.net/publication/2752504_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_II_-_experiments
https://www.researchgate.net/publication/2752504_Best_Play_for_Imperfect_Players_and_Game_Tree_Search_part_II_-_experiments
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A Bayesian approach to relevance in game playing

Q(A) with Off-Policy Corrections
Safe and Efficient Off-Policy Reinforcement Learning
A new Q(A) with interim forward view and Monte Carlo equivalence

Deep Reinforcement Learning with Double Q-learning
Playing Atari with Deep Reinforcement Learning

Neural Fitted Q Iteration - First Experiences with a Data Efficient Neural Reinforcement
Learning Method


http://www.sciencedirect.com/science/article/pii/S0004370297000593
https://arxiv.org/abs/1602.04951
https://arxiv.org/abs/1606.02647
https://www.researchgate.net/publication/263653362_A_new_Ql_with_interim_forward_view_and_Monte_Carlo_equivalence
https://www.researchgate.net/publication/263653362_A_new_Ql_with_interim_forward_view_and_Monte_Carlo_equivalence
https://arxiv.org/abs/1509.06461
https://www.cs.toronto.edu/~vmnih/docs/dqn.pdf
https://pdfs.semanticscholar.org/2820/01869bd502c7917db8b32b75593addfbbc68.pdf

